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LLMs as Programmers® (&, LLM A% A 27 OfEH5 In-
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* 1 https://github.com/openai/gpt-3
* 2 https://github.com/openai/codex
* 3 https://huggingface.co/

L7,

(3) Fa—=VvrmiEA

CLOVA4 X, AMD7 4 — KNy 75 5RO KA
EholtEiERELZO Uy S Ve Fa -2V T 5
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BHIZEoT, Yy—oa A (AR, 2TV —HE,
FIHASE) 2Z 8 Lo2, HMRIERFR 2D T =07
ZEIB LUz, VisTA® X, HE7Z Y —IVEINZ EE I8
*?%%ﬁ&%mwfuM%77fy%l—:y7u
FEBF =y Mih HI NI & 2 2120 LT b HEER TR & 1)
&7,

(4) Byl fe
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AlT—TJ 2V FNCT7U—FF 5 HEPREINTVS
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* 4 https://openai.com/index/gpt-4-1/
* 5 https://www.anthropic.com/news/claude-4
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b, 7=ty FERICRSTHEHILITHZ 5 LTFHT 5.
Physical AI % Spatial AT & DFVEIZH IR L2, (i)
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INETERTH o7z, BRI RFHD RIS S FiE
DEFEALICIA T, S VFE—F VISP LLM 2 AH§
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Chaves H1%, 7 L —AWGERIND 7T 7 RKIUHED WL
BERIBAM VideoSAGE 2 EL72™. 7597 =a—F )
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HETVTADATIT— 5 R FHAR7 PVICEHRT 5. K
12, FNS DAY bV E Transformer (A L THE
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W72 A7 PV ERART 5. RIS, BREEFROL
A7 MV ) ORER7 FVEINZ 57200
Transformer # @ L CTH£ 27V vy 7OEREEZHB L, BEH
By 2 s 5.

Lee 513, YV FE—FNVABBSHEET IV (MLLM) &
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BT D, RIS, B7L—250FxTyarE, £
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Generator ] OFEAEZ BAG L 7280, F A AT CHALO [ D
s RA MR, $8E LR S OER B % 5
M THERTE S, MHEABETOIN/OUT Mk 1%
SNS~NDT 2 ) v 7RG EORRELEHINTEY
Ty ORI %2 KIFICHIR C& 2y — e LT, BER
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%5 TIEO WIED " 2248 L7z AL &35 A ekl o ffi &
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FARFHFLT, TNF TIZL000AK %88 2 5 FH B A
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GPUIL LB LY ¥ v 7ZmBRENTH Y, WREHUK
LBICEE LT EMAE LWL ) REERL Y5
VINLEE R EORENHEEL L Tn 5.
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AR FIF S L, BB PART Y — & THNE
BEOW )i &2 /513 5.
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